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Uneven	  coloniza0on	  rate	  
due	  to	  geographical	  events	  
Ali	  &	  Huber	  2010	  Nature	  

	  

Slow-‐down	  in	  specia0on	  
rate	  due	  to	  satura0on	  
Rabosky	  &	  LoveMe	  2008	  Proc.R.Soc.B	  
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histories.	  	  Thus,	  it	  should	  not	  be	  used	  to	  test	  effects	  of	  
a	  specific	  historical	  or	  geological	  events.	  

A	  hidden	  Markov	  model	  may	  reconstruct	  a	  less	  biased	  
assemblage	  history.	  	  Require	  numerical	  integra<ons	  and	  
<me-‐consuming.	  

Compare	  performance	  between	  hidden	  Markov	  methods	  
and	  our	  analy<cal	  approach	  in	  reconstruc<ng	  assemblage	  
histories	  
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